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Sentiment classification of network comments based on KSVM

ZHANG Su-zhi, SUN Pei-feng
(College of Comp. and Com. Eng. , Zhengzhou Univ. of Light Ind. , Zhengzhou 450002 ,China)

Abstract; A KSVM classification algorithm by combining the advantages of SVM algorithm and KNN algo-
rithm in machine learning is proposed. Some with semantics tendency and combined the parts of speech is
chosen as the characteristic items,and the proposed algorithm is applied in sentiment classification of net-

work comments to judge one comment positive or negative. Experimental results showed that the proposed

Vol.26 No.3
Jun, 2011

algorithm can classify some comments online with a higher accuracy.
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