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An effective search space pruning method for concise
associaiton rules mining based on suffix-tree

WANG Bing-zheng, SU Xiao-ke, ZHANG Su-zhi
( College of Comp. and Com. Eng., Zhengzhou Univ. of Light Ind. , Zhengzhou 450002, China )

Abstract: For itemset search space is too huge which increases concise association rule based on closed
itemset calculation and decreases mining efficiency,a new search space pruning method was proposed. It
exploits suffix-tree like structure and just keeps as little as tail information. It can prune search space with
little cost and mine concise itemsets and rules directly. Additionally, it avoids scanning original database re-
cursively and achieves good performance. Experimental results show it is an effective method for concise as-
sociation rule mining and has good scalibility.
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