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An optimized protection algorithm of face feature data

YANG Yu-ping' > CHEN Yong’
(1. Academic Affairs Office Chongqing College of Electr. Eng. Chongqing 401331 China;
2. College of Comp. and Infor. Sci. Chongqing Normal Univ. Chongqing 401331 China)

Abstract: Aiming at the problem that the protection algorithm based on SIFT had low operating efficiency
and algorithm structure was huge an optimization algorithm based on SIFT face feature protection algorithm
was presented. This algorithm improved the efficiency of retrieval by optimizing the data storage and the da—
ta structure in the feature database of the original algorithm. The experiment was carried out on the opti—
mized algorithm in AR and YALE face databases the experimental results showed that the optimization al-
gorithm ensured data security of the premise kept recognition rate of the original algorithm at the same
time made the recognition system more efficient.
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SIFT 0.9939 0.992 6 0.992 4 0.993 5 0.991 8 0.9933 0.9920 0.9919
AR /s 0.9400 0.880 0 0.840 0 0.790 0 0.720 0 0.680 0 0.6300 0.5800
0.994 0 0.992 6 0.992 8 0.993 2 0.991 8 0.993 2 0.9925 0.9920
SIFT /s 0.900 0 0.8200 0.800 0 0.740 0 0.680 0 0.6300 0.5900 0.5400
SIFT 0.987 1 0.989 6 0.9925 0.987 5 0.988 9 0.988 3 0.9917 0.9885
YALE /s 1.5800 1.5200 1.450 0 0.4100 1.3800 1.3500 1.3200 1.2900
0.987 3 0.989 8 0.992 6 0.987 5 0.988 9 0.988 5 0.9916 0.9883
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