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3D facial expression recognition based on self organizing mapping network

LI Shu-hong  YIN Xiaojuan  JU Quan
( College of Computer and Information Engineering Henan University of Economics and Law Zhengzhou 450002 China)

Abstract: It is well known that the two-dimensional facial expression data contains limited information and
the poor performance of the facial expression recognition under the condition of changing illumination and
posture. In order to overcome these shortcomings of the 2D facial expression In this paper we propose and
explore a novel method to recognize human facial expression in 3D based on Self Organizing Map ( SOM) .

In the method the mean and variance are used to describe the convex and concave surface of the face
which become the facial expression change characteristics datas. The simulation experimental results
showed that the effect of using the classification and recognition of SOM network was superior to the Ada—
Boost algorithm.
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