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Abstract ;: Aiming at the problem of low accuracy of traditional prediction methods of anti-electricity stealing, a

prediction method of anti-electricity stealing based on big data of electric power was proposed. This method

firstly constructed samples of electricity stealing data according to abnormal rules, and introduced the growth

rate of line loss rate constraint conditions. Then it used four machine learning classification algorithms to build

a prediction model on the voltage, current and power factor data sets respectively, combined the users with

abnormal data output and users with abnormal line loss to output a list of users suspected of stealing electricity.

Experimental results showed that the prediction accuracy of the method was satisfactory , and it was efficient and

feasible in identifying users suspected of stealing electricity.
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Fig. 1 Design idea of the prediction method of anti-electricity stealing
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Table 3 The assessment results of multiple algorithm models based on the data of electric current %
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Table 4 The assessment results of multiple algorithm models based on the data of voltage %
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Table 5 The assessment results of multiple algorithm models based on power factor data %
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