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An outlier detection algorithm based on clustering ensemble

SU Xiao-ke, WANG Bing-zheng
( College of Comp. and Com. Eng. ,Zhengzhou Univ. of Light Ind. ,Zhengzhou 450002 , China)

Abstract : An outlier mining algorithm based on the clustering ensemble was presented in order to reduce
the reliance for users and decrease the high false positive rate due to taking the small size clusters as the
outliers directly. Outliers can be found according to the abnormal frequency of every record. The algorithm
is able to provide the user a more friendly operation. The experimental results on the real-life datasets
showed that the proposed algorithms are feasible and effective comparing with other classical algorithms and
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can be used for mixed dataset.
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2 98.95 1.90
3 98.76 1.88
4 28.37 0.00
8 22.25 0.00

FHESHEITTUE L, BRABERATREHEE
R 1 af, R R AL 9.01%, MR ER{H
1.97% , T A, PHEFICRBEBRELE—
B2, FERICREEIERICR.

3.4 WiExtt

BAXHHME LR CER(11] 6 TOD,
CBOD HIX#R[13 ]9 ODBUG Bk, X#R[3])
UAD,3C#R[ 14] 589 Cluster 76 3 HEUEE L XR
ZRFFH I, EREHEENENESHRES,



£330

R K ETREMSGZE LN Z <11

AT G R R R SR. SRR

A4 AmEEEsk %
Lymphography breast cancer A,
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A3 83.33 0.00 100.00 3.83 99.01 1.97
TOD 100.00 2.82 97.44 2.70 98.76 7.80
CBOD 100.00 2.11 100.00 4.05 98.39 5.30
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UAD 88.00 8.14
Cluster 93.00 10.00
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