K25 20174E5 H 4532 % 453 14

JOURNAL OF LIGHT INDUSTRY _ Vol. 32 No.3 May 2017
SR FRAENE, VA, K. — R T EHR O 2R R A S S [T ] R LA R,
2017,32(3) ;73 - 77.

R E 43S . TP391. 41 SCHRFRIRAD: A

DOI;10.3969/j. issn. 2096 —1553.2017.3.012

SCEHE 2096 - 1553(2017)03 —0073 - 05

.73 .

— Rl T PSR 50 JE 00 )R il AR PRk B0

An improved local binary algorithm for image categorization

R, F KR, KRE
GUO Yan-hui, YIN Xi-jie,ZHANG Hong

KR
B % B AR TFER BAHAEE, LK 8 250300
FHR G XA IE B 4 School of Information Technology ,Shandong Women's University ,Ji'nan 250300, China

JERIR % RUE B

FIE 4 LBP 45 A2 3 BUL A2 R AEH 5 A R 4R K 6 1AL, 42k T —
Key words: T B A K 9 B3 AR FLk . 3% 00k 0 =3k Bk FEEAR, LBP o 49 - 2 )
mage categortzation Fom AR B AR K IE B B AT R AR K R R R ) RUE 89 LBP 4 Az it
MRk, EILT 5 RUE GBI ARG Ak 8 Pk SEok | LR B RUE Bk
feature extraction BHAE, f£ PASCAL VOC 2007 4046 & 55 % 3t LBP 5 sk it 47 1f I 4, 200 245
multiscale fusion R KB EHEP G EATRFLARRES.

local binary descriptor;

Hamming distance ;

%5 H #7:2016 - 11 - 01
HEEWB L AL SFFRAH R A (JI4LNS)
TEERNT L HE(1982—) , B, b A B FTA AKX TFRIIT, M, LR T & HHIE P I FBEXR5.



.74 -

Fi251 201745 A 4532 4% 3 W

Abstract : In the extraction process of LBP features, most consumption of time and memory were paid for cluste-

ring. In order to address these problems,an improved local binary algorithm for image categorization was pro-

posed. The algorithm replaced decimal system encoding LBP with binary descriptor. Meanwhile , Hamming dis-

tance was emploied rather than Euclidean metric for features clustering. The multi-scale LBP features was flued

for a new local binary descriptor. The result of the experiment on the PASCAL VOC 2007 dataset showed that

the adopted local binary descriptor was better than the classical LBP,specifically for time consumption.
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Fig.1 The clustering result of Hamming distance

and Eudidean distance
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Fig.2 The process and steps of image classification
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