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Traffic sign detection and recognition based on color features and

improved support vector machine algorithm

o L1 U T ) 1 g 1 1
HaeAk A e 5, B BAER KA

XIAO Yanqgiu',DU Jiangheng' , WEN Mengsha’,ZHOU Kun',JIAO Jiangiang',
PEI Jie'

LA T kI Hle TRFR, T A 450002;
2R AF FEERFRAER, LiF 200241

KA 1. College of Mechanical and Elecirical Engineering ,Zhengzhou University of Light Industry,
XiBmEEHEMN 5 4 .
B AT & A B R Zhengzhou 450002 , China ;

A 4E %] Hu R
B AFAES %i’Hukj = 2. College of Information Science and Technology ,East China Normal University ,Shanghai 200241,
%E; i;f%:@':‘ifj:}bﬂ-/%, China

Key words: R A B AR SN L IR A R S 69 AR, 3R R T — AR T B 4% HSV
traffic sign detection FR &2 18] 5 E| Fe B 0 R @ EAL(SYM) Bk 09 sUB AT EAR M S5 4R A k.
and recognition ; dEI HSV ezl a3 AR s RxBaERTmIRE s 2 EEEH KA
feature segmentation ; A6, 172 B P A AR 00 B AR E R 3R R A A T Hu RE4E6 7 2R IF 5 A
Hu invariant moment ; 1B P e iE 2, 5F N SVM 428 Bt 47 %k 4 2% A AR BE A 2 5 SVM #5945
support vector machine T AR AT HAC R B, AR A AL S 69 SVM ik 7 % 3T 238 47 & 69 4 3L
(SVM) algorithm; A B I R A, A 5 R ik A 45 AT OB K I B BB AR B K

wolves algorithm

FEAF R KRR, LA A F 0k A

ks F #2018 —03 - 16

BEE£WE  Mé 4 EAHSLA R (152102210142)

VEB A A (1980—) , B, iTd A M A, FM 82 T F R 81 2%, W+, LM A5 @ b TR 54 % %
BR5 G35



- 58 -

a5 201845 A 4533 % 53 4

Abstract : Aiming at the low accuracy in detection and recognition of traffic sign, a traffic sign detection and

recognition method was proposed based on image HSV color space segmentation and improved SVM algorithm.

By setting up the HSV color space segmentation model, the shape threshold was set to accurately obtain the

traffic sign area in the image after the initial color segmentation of the traffic sign. The Hu invariant moment

method was used to extract feature vectors in the image to be identified , and the SVM classifier was used for

training classification. There was no uniform standard for the selection of kernel function parameters for SVM

algorithm. The wolves algorithm was used to optimize the selection of SVM parameters. Finally,the optimized

SVM algorithm was used to complete the recognition of the meaning of traffic signs. The verification experiment

result showed that the detection and recognition method proposed could effectively detect and classify the traffic

sign area,and had higher accuracy.
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